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Done
e Gave a lesson to Singapore students.
e Finished code assignment 2,3, and 5 of applied maths in CS.

e Discussed with Prof. Wu. He proposed two themes for my future work on game data: game data
mining & anomaly pattern detection in MMORPGs. 1 read several papers regarding these topics.
To be honest, I spent much time on the abovementioned code assignments. Thus, I made brief

reflections below, and I will make more delicate surveys on these topics in the next week(s).
To do
e More focus on the game data related papers.
e Finished course assignments (translation and code 4) before June 1st.
e Learn more about javascript

About the two themes

The data mining here in game data mainly refers to predictive analysis. Many indicators (LL#iH /7
TR, f7 P2 EFEHR) can be predicted via classification or similar techniques. The indicators can be found
on game analysis websites, and ff/#had a brief summary on these long long ago. I will list the common
indicators that have been studied next week.

Anomaly detection, in the context of online games, falls into the topic of bots detection and related
scenarios. I haven’t found out papers related to money laundry or other money-related topics (Lt 4 il
8RRk Sk, A SR SRk, IX AT A A AN SRR VE B AR R I R K 6 3 T AN & TR E 8 4
SRIX LA AT ] BE A bots SELA T AN AT I — /N A @ ). In fact, the techniques used in anomaly detection
are data mining techniques as well, but usually in a different form compared with standard forms.

A professor (BR%E1X) from £ ¥ H1 Jeiff 5 fihas made many researches on game data “http://www.iis.sinica.edu.tw/
swc/research/games.html”. Both two themes are included in his publications. I read several works of his.
“On Prophesying Online Gamer Departure” uses SVM to classify players and for potential it & F 7 Fiiilll.
Two bots detection papers use different methods. The first one uses trajectory analysis combined with
manifold learning (H8 43X B35 7 H 328 H 4l 1) — L6779 52 ] LAAD), and the second one analysis the
behavior type and frequency to detect. X P75 LKA AE,, EXT AR BIL A M. Bk, -
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Regarding visualization, there is not much work that are quite close to anomaly detection in game
data (fEFYHIIAHIT). The related work of the paper "TargetVue: Visual Analysis of Anomalous User
Behaviors in Online Communication Systems” shows that much work of visualizing anomaly patterns are
focused on social networks (B | — M AR 1S 2 B S A48 KA, A /K ZE 80 KM Hlsocial botZ 2K). And
for the limited information on players’ communication of our data, I think we may not focused on the
method related to communication. Also the related work provides many anomaly detection algorithms
and a famous survey. Most visualization on these algorithms are naive (5 %%0] A 51X /N7 VA2 IXFE,
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